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1. Introduccién: La explosién de la denominada economia
colaborativa
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1. Introduction: The irruption of Airbnb
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Inside Airbnb

Adding data to the debate

Behind Get the Data
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Get the Data

The data behind the Inside Airbnb site is sourced from publicly available
information from the Airbnb site.

The data has been analyzed, cleansed and aggregated where appropriate to
faciliate public discussion. Read more disclaimers here.

If you would like to do further analysis or produce alternate
visualisations of the data, it is available below under a
Creative Commons CCO 1.0 Universal (CCO 1.0) "Public
Domain Dedication" license.

Amsterdam, North Holland, The Netherlands

See Amsterdam data visually here.

Date Compiled City File Name Description

03 January, 2016 Amsterdam listings.csv.gz Listings in
Amsterdam

03 January, 2016 Amsterdam calendar.csv.gz Calendar for listings

in Amsterdam
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Airbnb API that we can use to download data from any location:
https://api.airbnb.com/v2/search _results

You have to do REST queries, the GET type. An example:

https://api.airbnb.com/v2/search results?client id=3092nxybybOotgw18e8nh5nty& format=fo
r search results& limit=50&sort=1& offset=0&sw Ing=1.632190&sw [at=41.194932&ne Ing=
1.642190&ne |at=41.204932

Where latitude and longitude are defined. Other parameters can be:

* checkin=YYYY-MM-DD es fecha entrada,
* checkout=YYYY-MM-DD es fecha salida,
* guests=NUM, numero de personas

*  min_bathrooms=NUM

*  min_bedrooms=NUM

*  min_beds=NUM

* price_max=NUM

* price_min=NUM

* currency=TEXT


https://api.airbnb.com/v2/search_results
https://api.airbnb.com/v2/search_results?client_id=3092nxybyb0otqw18e8nh5nty&_format=for_search_results&_limit=50&sort=1&_offset=0&sw_lng=1.632190&sw_lat=41.194932&ne_lng=1.642190&ne_lat=41.204932
https://api.airbnb.com/v2/search_results?client_id=3092nxybyb0otqw18e8nh5nty&_format=for_search_results&_limit=50&sort=1&_offset=0&sw_lng=1.632190&sw_lat=41.194932&ne_lng=1.642190&ne_lat=41.204932
https://api.airbnb.com/v2/search_results?client_id=3092nxybyb0otqw18e8nh5nty&_format=for_search_results&_limit=50&sort=1&_offset=0&sw_lng=1.632190&sw_lat=41.194932&ne_lng=1.642190&ne_lat=41.204932
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5. Forum Universal
5
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1. El Tibidabo
2. Park Guell

3. Sagrada Familia
5. Forum Universal

Tourist attractions:.
4. Agbar Tower
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Global Moran's | statistic to measure spatial autocorrelation based on feature
locations and attribute values.

Moran's Index: 0,114812 Significance Level Critical Value
z-score: 2,82404% N (pvalue) (z-score)
0.01 gmm <-2.58
p-value: 0,004742 0.05 @@ -2.58--1.96
0.10 [ -1.96--1.635
s 3 -1.85-1.65
0.10 [ 1.65-1.96
0.05 B3 1.96 - 2.58
001 EE >258
«— p—_
Significant

Given the z-score of 2.82, there is a less than 1% likelihood that this dustered pattern could be the
result of random chance.
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5. Forum Universal
6. Barceloneta
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5. Forum Universal
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9. Camp Nou
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Visualising the evolution of Airbnb

accommodations in Barcelona
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